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On the convergence rate of customized proximal point algorithm for convex

optimization and saddle-point problem
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Abstract The first-order optimality condition of linearly constrained convex optimization and saddle-point

problems is a monotone variational inequality. Under the framework of variational inequality, by properly selecting

a matrix G, the subproblems of proximal point algorithm under G-norm can be solved easily during the iteration

progress. We derive the O(1/k) convergence rate of such customized proximal point algorithm.
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